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T Cross Ambiguity Function (CAF)
# Global Positioning System (GPS)
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 Convolutional Neural Network (CNN)
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* Software-Defined Receiver (SDR)
f Batch Normalization

* Rectified Linear Unit

§ Max Pooling

** Dropout

* ADAM

1)) 14C.IUST.AC.IR




1Pee ol T 5 78

Training Progress (09-Oct-2021 18:04:17)

Results
Validation accuracy. 94.58%
100 - ) Training finished Reached final iteration
9 A e -t ------- ~--®---0---0---0--_¢---o---@Final
x4 Training Time
Start time 09-Oct-2021 18:04:17
Elapsed time 16 min 20 sec
2 Training Cycle
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3
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Training Progress (09-Oct-2021 17:43:43)

Results
Validation accuracy: 100.00%
O - gk Rl ~ == ®- - g- -~ @ -~ @ - -8 - - @®Final Training finished: Reached final iteration
Training Time
Start time: 09-0ct-2021 17:4343
- Elapsed time 15 min 59 sec
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3
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Training Progress (14-Oct-2021 15:54:17)

Results
Validation accuracy: 92.92%
100 - Training finished: Reached final iteration
% -t -- - - g --9-""" "~ ®---®---0---@Final
Training Time
Start time 14-Oct-2021 155417
Elapsed time: 4min2 sec
3 Training Cycle
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Training Progress (14-Oct-2021 15:48:08)

Results
Validation accuracy: 100.00%
=G -t~ --®---@---e---@Final Training finished: Reached final iteration
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80 - Start time 14-Oct-2021 15:48:08
= Elapsed time 3min 30 sec
g 60 Training Cycle
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3
2 40 - Iterations per epoch: 8
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Training Progress (11-Oct-2021 10:57:30)

Results
Validation accuracy.

93.33%
Reached final iteration

11-Oct-2021 10:57:30
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Training Progress (11-Oct-2021 10:50:41)

B)

9°

B -NY S

Results

Validation accuracy. 100.00%
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%0 Training Time
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Training Progress (14-Oct-2021 14:38:31)
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Results
Valigation accuracy, 92.92%
100 Training finished: Reached final iteration
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Training Progress (14-Oct-2021 14:31:45)
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